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Operationalizing agentic AI on AWS

Aaron Sempf, Brad Ryan, and Bhargs Srivathsan, Amazon Web Services

Agentic AI is not a feature—it's a new operational paradigm. Organizations that invest in 
disciplined architecture, trust frameworks, and business-aligned deployment models will lead the 
next generation of adaptive, intelligent enterprises.

Agentic AI represents the convergence of autonomous software agents and generative AI. It fuses 
the decision-making and goal-directed behavior of agents with the language understanding and 
generation capabilities of large language models (LLMs). These agents can reason, act, adapt, and 
collaborate across dynamic enterprise environments. To operationalize this potential, enterprises 
must shift their mindset from model deployment to agent infrastructure.

This guide provides an organizational strategy to transform agentic AI from isolated experiments 
into enterprise-scale, value-generating infrastructure. It can help you embed intelligent agents 
across workflows with governance, scalability, and business alignment.

Key focus areas and recommendations

This guide focuses on the following foundational areas when operationalizing agentic AI. 
Organizational and business recommendations are provided for each focus area:

• Focus area 1: Clarify agent intent and scope – Align agents with business priorities and cognitive 
bottlenecks. Treat agents as digital teammates, not just as tools.

• Focus area 2: Design for composability and collaboration – Embrace multi-agent systems with 
modular architecture, semantic protocols, and dynamic delegation through arbiter agents.

• Focus area 3: Architect for multi-tenancy and control – Build scalable, tenant-aware 
infrastructure with shared agent services, centralized governance, and role-based access.

• Focus area 4: Build trust through identity, guardrails, and observability – Enforce traceability, 
runtime controls, and explainability to earn stakeholder trust.

• Focus area 5: Manage the lifecycle – Establish continuous integration and continuous 
deployment (CI/CD) pipelines, prompt versioning, telemetry, and continuous retraining to 
support agentic AI performance and efficiency.

• Focus area 6: Align agent models with business models – Monetize agent capabilities through 
usage-based models, internal ROI metrics, and commercial offerings.

Key focus areas and recommendations 1
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You can use the recommendations in this guide to prepare your business for agentic AI at scale. 
It outlines how organizations must restructure around agentic AI, including building DevOps for 
agents (AgentOps) teams, interoperable systems, and change management strategies that scale 
adoption. It emphasizes decision-first thinking and alignment with the AWS Well-Architected 
Framework.

Intended audience

This guide is intended for enterprise architects, AI/ML engineering leads, and digital 
transformation strategists who are designing and scaling agentic systems, embedding AI into 
core business workflows, and operationalizing LLMs and autonomous agents in production 
environments. To understand the concepts and recommendations in this guide, you should 
be familiar with modern cloud-native architectures and distributed systems, large language 
models, foundation model capabilities, and the principles of AI governance, DevOps, and platform 
engineering.

Objectives

By implementing the recommendations in this guide, your organization can achieve the following 
business outcomes:

• Accelerated decision-making and workflow execution through autonomous, goal-oriented agents 
that reduce human bottlenecks and cognitive load.

• Scalable, cost-efficient deployments of intelligent capabilities across business units, through 
reusable, multi-tenant agent platforms.

• Greater resilience, trust, and governance in AI systems, which enables confident adoption in 
regulated, mission-critical, or customer-facing environments.

About this content series

This guide is part of a series about agentic AI on AWS. For more information and to view the other 
guides in this series, see Agentic AI on the AWS Prescriptive Guidance website.

Intended audience 2
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Strategic foundations for agentic AI

Agentic systems are not new. Software agents, including robotic process automation (RPA) and 
decision engines, have existed for decades. But they were simple and deterministic, designed to 
follow predefined rules and symbolic logic to execute repetitive, low-variation tasks. With the 
rise of generative AI, the game has changed. Large language models (LLMs) can now interpret 
complex inputs, generate responses dynamically, and quickly synthesize knowledge. You can now 
scale agency without brittle or hard-coded logic. Now, agents can reason, make decisions, invoke 
tools, adapt to context, and coordinate with other agents across workflows. They can operate 
autonomously toward goals, maintain memory, and reflect on outcomes. 

However, raw capability is not enough. Intelligence without integration yields novelty, not impact. 
To unlock value from powerful LLMs, enterprises must shift beyond isolated experiments to 
engineered ecosystems. Agents must be treated as production-grade services that operate under 
the same discipline as any enterprise system. That includes governance, observability, secure 
identity models, and lifecycle management. They must also result in real business outcomes, not 
speculative potential. These systems should be architected with clear boundaries for decision-
making and fault tolerance. It's important to incorporate automated recovery mechanisms, real-
time performance monitoring, and scalable resource management. This helps you handle the 
dynamic, non-deterministic nature of agent interactions while maintaining consistent service levels 
across enterprise workflows.

At a foundational level, enterprises must rethink how intelligence is embedded into the fabric 
of operations. Agents must be designed to integrate with core systems, comply with enterprise 
policies, and deliver measurable value. They need to operate at scale, across departments, 
domains, and user contexts. Operationalizing agentic AI is ultimately about use; it's the difference 
between deploying AI that performs isolated tasks and deploying agents that evolve your business 
model.

Agentic AI represents a new operating philosophy that requires a fundamental shift in how 
we approach systems, processes, and people to scale intelligence across the organization. 
Agents become strategic assets that amplify human capabilities. By integrating agentic AI into 
their operations, organizations can unlock insights that drive business value, augment human 
capabilities, and optimize complex workflows.

3
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Strategic focus areas for agentic AI

To move from early prototypes to production-grade and value-generating systems, teams need a 
coherent strategy that blends architecture, process, and product thinking.

Many organizations still approach AI with a tool-first or model-centric mindset. Generative 
AI has amplified experimentation, but often without clear alignment to business strategy or 
measurable outcomes. Without a defined strategic role, agents risk becoming novel experiments 
that drain resources rather than deliver scalable value. To establish the strategic role of agentic 
AI, organizations must start with business priorities. Identify areas of cognitive overload, decision 
bottlenecks, or fragmented workflows where autonomy can provide relief. Use domain-specific 
problem statements to shape agent responsibilities. Treat agents as digital teammates—not tools
—who can reason, delegate, and adapt.

Decision sciences is the discipline of combining data science, analytics, and behavioral modelling to 
improve decision-making. It should be integrated early in the agent architecture process to align 
the design with business outcomes. By identifying decision patterns, simulating trade-offs, and 
quantifying value impact, decision sciences can help you pinpoint where agentic autonomy can 
deliver the highest value. Decision sciences can accelerate decisions, reduce errors, and enable real-
time adaptations. This data-informed foundation grounds agent design in measurable insights, and 
it enables tighter integration with existing enterprise technologies, such as rules engines, analytics 
platforms, and predictive models.

To help establish the strategic role of agents, this section introduces foundational focus areas that 
form the backbone of operationalizing agentic AI. Each maps to a core job to be done from the 
perspective of a technical leader, architect, or product owner who is responsible for how agents 
are conceived and designed. These focus areas are not sequential steps. Each is worth revisiting 
throughout the system lifecycle to cultivate resilient, scalable, and monetizable agent ecosystems.

This section contains the following focus areas:

• Focus area 1: Clarify agent intent and scope

• Focus area 2: Design for composability and collaboration

• Focus area 3: Architect for multi-tenancy and control

• Focus area 4: Build trust through identity, guardrails, and observability

• Focus area 5: Manage the lifecycle

• Focus area 6: Align agent models with business models

4
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Focus area 1: Clarify agent intent and scope

Job to be done: "Help me make sure that each agent solves a real problem with clear boundaries, not 
just a cool demo."

Agentic AI is not just about building capability. It's about solving the right problem, in the right 
way, for the right outcome. That starts with being completely clear on the intent of the agentic AI 
solution.

Strategy

Too often, organizations start with what the model can do (such as call APIs, answer questions, or 
generate summaries) and retrofit a use case around it. This leads to scope creep, poor integration, 
and agents that are technically impressive but operationally useless. Instead, start by defining the 
agent's role through specific questions like the following:

• What specific outcome is the agent responsible for?

• Who is it acting on behalf of?

• Who benefits?

• Where does the agent's autonomy begin and end?

• What happens when it fails?

A well-scoped agent has a clear job, defined responsibilities, and measurable success criteria. Don't 
think of the agent as an assistant or chatbot. Instead, give it a job title. Think of it as a customer 
success agent, a product returns handler, or a compliance monitor.

When engaging stakeholders or customers, emphasize the scalability and adaptability of agentic 
AI systems. These agents evolve with the business, continuously improving through learning 
and feedback. To reduce resistance and accelerate adoption, highlight how agentic tools are 
designed with worker empathy in mind. They provide transparency, control, and optional override 
mechanisms that build trust. Rather than replacing people, agents augment human capability and 
decision making, helping employees to stay in the loop and focus on high-value tasks.

The key to successful implementation is aligning agentic AI with specific, high-impact business 
outcomes. Encourage teams and partners to start with focused pilot projects that solve visible 
pain points. Quick wins generate measurable return on investment (ROI), build internal buy-in, and 
create momentum for broader adoption.

Intent and scope 5
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To guide adoption and maturity, organizations can frame agent design along an evolutionary 
model. The agent autonomy, complexity, and business impact progressively increases. The 
following are the stages of this model:

• Observer agents surface insights from noise. An example is a market sentiment agent that tracks 
brand perception across digital channels.

• Assistant agents support human decision-making. An example is a deal advisory agent that 
synthesizes competitor data and market conditions for sales teams.

• Autonomous agents act independently within defined boundaries. An example is a resource 
allocation agent that dynamically adjusts cloud infrastructure based on demand.

• Orchestrator agents coordinate multi-agent workflows. An example is a supply chain 
optimization agent that manages interactions between inventory, logistics, and forecasting 
agents.

• Innovator agents generate new strategic possibilities. An example is a business model innovation 
agent that analyzes market trends and recommends new revenue streams.

Framing agents around these strategic outcomes and maturity levels increases focus, accelerates 
adoption, and builds stakeholder confidence.

To support alignment in this focus area, AWS services, such as Amazon Quick, can visualize key 
performance indicators (KPIs) that are linked to agent-driven outcomes. You can use Amazon 
CloudWatch to monitor agent behavior, performance metrics, and system health in near real time. 
Use the operational feedback to tune agent interactions and resource use. AWS CloudTrail can 
provide visibility into agent activity and integration patterns during early experimentation and 
refinement phases.

Business value of defining intent and scope

The adoption of agentic AI represents a pivotal shift in how organizations approach digital 
transformation and operational excellence. This is not merely about automation. It is about 
enabling intelligent autonomy that accelerates decision making and value realization.

Key business drivers include the following:

• Competitive advantage – Early adopters gain strategic advantage through faster insights, better 
service, and adaptive operations.

Business value of defining intent and scope 6
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• Customer experience enhancement – Agents offer real-time, personalized, always-on support 
that boosts satisfaction and loyalty.

• Operational efficiency – Agentic AI significantly reduces human cognitive load by automating 
complex, repetitive decision tasks. This allows staff to focus on higher-value activities and can 
reduce costs.

Real-world use cases across industries include the following:

• Financial services – AI agents could deliver personalized financial advice and detect fraud.

• Healthcare – Triage and treatment plan agents could improve clinical throughput.

• Retail – Agents could act as intelligent shopping assistants or optimize inventory in real time.

• Manufacturing – Agents could perform predictive maintenance or coordinate supply chains.

Focus area 2: Design for composability and collaboration

Job to be done: "Let me build agents like I build services – modular and testable, so that they can be 
composed and orchestrated as needed."

Many AI efforts begin as monolithic, model-centric pilots. They're useful, but they're hard to 
scale across domains or adapt to complex problems. Value compounds when these agents 
are designed to interoperate. In technology, composability is the act of combining modular 
components to create a flexible, scalable solution that can adapt to change. Without composability, 
intelligence becomes locked within specific workflows. Furthermore, agent collaboration 
introduces orchestration, state management, and protocol negotiation complexities that traditional 
automation teams might not be equipped to handle.

Strategy

Embrace the multi-agent paradigm. Model agents like organizational departments: modular, 
specialized, and interoperable. Define clear interfaces, shared context formats, and standard 
communication protocols, such as Model Context Protocol (MCP) or Agent2Agent (A2A). Adopt 
multi-agent orchestration patterns, such as swarm, graph, or hierarchical coordination. These 
patterns help agents discover capabilities and request services from one another dynamically, 
either in parallel, sequential, or consensus-driven workflows, depending on the task structure and 
trust level.

Composability and collaboration 7
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To promote scalable and governed collaboration, use an arbiter agent. This kind of agent is 
a neutral authority that facilitates task delegation based on known capabilities and fallback 
strategies. While not a centralized controller, an arbiter agent plays a critical role in trust and 
compliance. It makes sure that sensitive or regulated tasks are routed only to agents that meet 
identity and policy requirements. It acts as a gatekeeper for policy-bound workflows. It enforces 
isolation and enables explainable delegation. Crucially, an arbiter agent is not a bottleneck; it 
coexists with self-coordinating agents that operate in a horizontal, peer-to-peer manner. These 
agents delegate sub-tasks, share context, and resolve dependencies directly.

This hybrid model supports both deterministic assignment (through the arbiter agent) and 
emergent collaboration. It blends structure with flexibility. Within this architecture, agents can be 
classified into the following specialized roles:

• Decision agents, such as policy enforcers, resource allocators, and risk evaluators

• Knowledge agents, such as context aggregators, pattern recognizers, and anomaly detectors

• Execution agents, such as task executors, quality controllers, and integration managers

To coordinate effectively, multi-agent systems must support robust interaction protocols for state 
management, failure recovery, and conflict resolution. This promotes stability and accountability 
even as agents operate independently.

Establish clear rules for scaling, such as load-based agent instantiation, context-aware resource 
allocation, and automated capability discovery and registration. These measures help the system to 
grow dynamically in response to demand or complexity.

Design agents to be ready-to-use modules within a distributed messaging substrate. For example, 
you might use Amazon EventBridge with A2A or MCP rather than siloed services. Adopt versioning, 
CI/CD pipelines, and agent templates to support system stability while accelerating internal 
adoption and lifecycle evolution. Encourage code reuse and standardization to reduce integration 
friction and promote a resilient ecosystem.

Collaboration is a force multiplier. It unlocks scale, specialization, and resilience across multi-agent 
environments. To support this dynamic collaboration, organizations should architect a lightweight 
control plane for agent coordination. This control plane includes the following:

• Capability registries that define what each agent can do and support versioned metadata for 
peer discovery

Strategy 8
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• Task arbitration logic that uses arbiter or supervisor agents to route tasks based on context, 
availability, and policy

• Lifecycle and state tracking that enables real-time decision context and safe handoffs

Control planes make sure that multi-agent systems remain extensible, policy-aligned, and fault-
tolerant, without centralizing authority or slowing operations.

However, multi-agent environments also bring operational challenges. Maintaining context across 
agent interactions, managing shared state, and coordinating actions can drive complexity and cost. 
Costs can increase if you use LLMs that consume tokens during inter-agent communication. These 
costs must be weighed against the compounded business benefits of intelligent autonomy at scale.

To address these challenges, consider agentic platforms that abstract key concerns, such as the 
following:

• Standardized communication protocols and semantic formats

• Built-in orchestration logic and dynamic routing

• Shared context and memory management between agents

• Fallback handling and graceful degradation during failures

For teams adopting multi-agent strategies, the best approach is to start small and design for scale. 
Begin with targeted single-agent solutions that solve real problems. Then, progressively compose 
these agents into a cooperative system where each can discover, coordinate, and delegate based on 
shared goals and system-wide context.

Importantly, robust error handling and graceful degradation must be primary design principles. 
Multi-agent systems should be capable of continuing partial workflows or initiating backup logic 
when agents are unavailable or fail. This promotes reliability without rigid coupling.

AWS services offer robust features to support this architecture at scale. Amazon EventBridge and
EventBridge Pipes provide the structured, event-driven backbone for multi-agent messaging. For 
managing modular behavior, AWS AppConfig enables safe, dynamic configuration toggling across 
agent instances. To support shared context and memory management, use Amazon DynamoDB
for lightweight, tenant-aware state persistence and fast context retrieval across agents. You 
can use Amazon Simple Storage Service (Amazon S3) for storing structured prompt histories, 
shared artifacts, or agent-generated outputs. For more complex workflows that require stateful 
coordination, AWS Step Functions can orchestrate long-running processes with checkpoints 

Strategy 9
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and error recovery logic. Together, these services help you create composable, resilient, and 
semantically connected multi-agent systems that scale with enterprise demands.

Business value of multi-agent systems

While many organizations begin their AI journey with single-agent solutions, the full potential 
of agentic AI is unlocked through scalable multi-agent systems. These systems are key to solving 
complex, distributed problems and creating robust, flexible AI ecosystems that evolve with 
business needs.

The core business benefits of multi-agent systems include the following:

• Scalability – Tasks and workloads can be distributed across specialized agents to increase 
capacity and performance.

• Flexibility – Agents can be added, replaced, or modified with minimal disruption, enabling agility 
in dynamic environments.

• Resilience – System stability is preserved even when individual agents fail, thanks to redundant 
roles and intelligent failover.

• Specialization – Purpose-built agents perform tasks with greater efficiency and precision.

• Cost efficiency – Reusable agent components accelerate development and reduce the cost of 
new capability deployment.

While multi-agent systems require more upfront planning, they deliver long-term agility, speed, 
and innovation capacity. Enterprises that invest in flexible agent collaboration architectures are 
positioned to deploy new AI capabilities rapidly, adapt to changing demands, and lead in an 
increasingly agent-driven competitive landscape.

Focus area 3: Architect for multi-tenancy and control

Job to be done: "Help me scale agent usage across multiple customers without losing control, 
accountability, or visibility."

Early prototypes are fine for proving value in isolation, but most businesses need to simultaneously 
support multiple customers, departments, or workflows. That means each agent must operate 
within clearly defined policy, data, and identity boundaries. Without multi-tenancy, operations 
become brittle and costly, and governance becomes a patchwork. 

Business value of multi-agent systems 10
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Strategy

Follow principles from software as a service (SaaS) architectures. For example, design for tenant 
isolation, policy enforcement, and resource control. Architect agents and orchestration platforms 
with tenant-aware memory, configuration, and identity. To enforce boundaries, use tagging, role-
based access control (RBAC), and identity and access management scoping.

Adopt a unified observability layer where agent telemetry is aggregated by tenant context. 
Implement centralized policy engines and config-based capability toggling to enforce dynamic 
behavior rules. 

Build agent deployment as a service. Enable internal teams or customers to consume agent 
capabilities as scalable, governed APIs. AWS provides a strong foundation for these patterns. You 
can use Amazon Cognito for managing user and tenant identity, AWS Organizations and service 
control policies (SCPs) for cross-account governance, and AWS Resource Access Manager (AWS 
RAM) for securely sharing capabilities. Additionally, AWS AppConfig can dynamically manage agent 
behavior by tenant or environment. These services help enforce boundaries and policies while 
supporting shared infrastructure.

This transition from static deployment to dynamic provisioning turns agentic AI into an enterprise-
wide platform.

Business value of multi-tenant agent platforms

Multi-tenancy is more than an architectural convenience—it's a business accelerator. As intelligent 
agents proliferate across departments and teams, organizations must support growth without 
duplicating infrastructure or fragmenting governance.

The key business benefits of multi-tenant systems include the following:

• Scalability – A multi-tenant agent platform allows internal teams, business units, or clients to 
onboard AI capabilities faster without needing bespoke environments.

• Cost efficiency – Shared infrastructure minimizes redundant deployments, consolidates 
operational costs, and simplifies maintenance across environments.

• Governance and risk reduction – Centralized policy controls, identity models, and observability 
help agents operate more securely and in compliance, across all tenants.

• Service reusability – To promote reuse and reduce duplication, tenant-aware agents can be 
offered as internal services, such as for enrichment, compliance, or summarization.

Strategy 11
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Example use cases for multi-tenant systems include the following:

• A compliance agent that is deployed across subsidiaries adapts its logic to local regulations 
through tenant-specific configuration. This eliminates the need to build separate agents for each 
region.

• An internal workflow automation agent serves multiple departments with different data 
boundaries and permissions. It maintains isolation while accelerating task fulfillment.

By designing agents as multi-tenant-aware services, organizations avoid the overhead of siloed AI 
initiatives. Instead, they foster a unified intelligence platform. This architecture enables scalable 
rollout, operational consistency, and better ROI. It also makes it easier to expand AI adoption across 
the enterprise.

Focus area 4: Build trust through identity, guardrails, and 
observability

Job to be done: "Give me confidence that agents will act safely and predictably, especially when no 
one's watching."

Autonomous agents challenge traditional control models. Their ability to reason and act 
independently introduces risk if they're not properly managed. Without clear ownership, 
auditability, or policy constraints, they may drift from their intended behavior. Building 
organizational trust requires more than just technical reliability. It demands explainability, 
accountability, and consistency.

Strategy

Build an identity-first control system as the backbone of trusted autonomy. Each agent must 
operate with a verifiable identity, scoped permissions, and traceable execution history. Agents 
should be embedded in a zero-trust framework that includes tenant binding, contextual access 
inheritance, and runtime enforcement through guardrails and policy engines. This allows you to 
audit, reverse, or restrict agent actions based on organizational rules and risk posture. 

Embed trust enforcement at runtime through intelligent guardrails. This includes rate controls 
and throttling based on behavioral patterns or workload conditions, resource boundaries enforced 
alongside auto-scaling, and decision scoring to evaluate risk. Build triggers to engage human-in-
the-loop workflows when thresholds are exceeded.

Trusted autonomy 12
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Every agent must also be transparent and explainable. Embed structured telemetry through 
logging, traces, and reasoning summaries to expose decision logic. Support decision trails and 
impact tracing. This helps you connect agent actions back to key metrics or outcomes. Implement 
drift detection mechanisms that monitor deviations from expected behavior or policies.

Introduce reflective agents that continuously observe agent behavior and system patterns. They 
should flag anomalies or inconsistencies in real time. These agents contribute to governance 
feedback loops that can initiate revalidation, adaptation, or decommissioning of capabilities.

Establish governance boards that review agent policies, approve capability changes, and oversee 
incident response protocols. Trust must be earned, measured, and continually reinforced.

AWS provides a strong foundation for implementing this trust framework:

• AWS Identity and Access Management (IAM) enforces role-based execution and permission 
boundaries

• Amazon CloudWatch and AWS X-Ray support full visibility and traceability.

• Amazon GuardDuty and AWS Config detect security anomalies or policy drift.

Together, these services enable identity enforcement, runtime safety, and trust-based governance 
at scale. They can help make autonomous systems both powerful and dependable.

Business value of trusted autonomy

As agents become more autonomous, trust becomes a critical driver for enterprise adoption, 
governance, and operational performance. Establishing a foundation of identity, observability, 
and guardrails helps organizations to scale agentic AI into sensitive domains, without sacrificing 
governance or control.

Key business drivers include the following:

• Governance assurance – Strong identity models, audit trails, and permission boundaries reduce 
compliance risk and support regulatory alignment.

• Operational continuity – Runtime guardrails and anomaly detection help prevent unintended 
behaviors and support self-recovery from edge-case failures.

• Stakeholder confidence – Decision explainability and telemetry build trust with internal 
stakeholders, risk managers, and external auditors.

Business value of trusted autonomy 13

https://docs.aws.amazon.com/IAM/latest/UserGuide/introduction.html
https://docs.aws.amazon.com/AmazonCloudWatch/latest/monitoring/WhatIsCloudWatch.html
https://docs.aws.amazon.com/xray/latest/devguide/aws-xray.html
https://docs.aws.amazon.com/guardduty/latest/ug/what-is-guardduty.html
https://docs.aws.amazon.com/config/latest/developerguide/WhatIsConfig.html


AWS Prescriptive Guidance Operationalizing agentic AI on AWS

• Incident resilience – Embedded observability accelerates root cause analysis and response time 
when issues arise.

Example use cases include:

• In financial services, fraud detection agents must expose their reasoning, log every action with 
traceable identity, and operate under tightly scoped IAM roles.

• In healthcare, autonomous triage agents must enforce runtime safety checks, escalate to human 
review when thresholds are met, and provide full logs for clinical oversight.

By embedding trust mechanisms into the agent lifecycle, organizations can permit their systems to 
operate autonomously with accountability. This foundation reduces risk and empowers agents to 
act on behalf of the business with transparency and integrity.

Ultimately, trusted autonomy accelerates adoption by giving both users and leadership the 
confidence to scale intelligent agents across core operations.

Focus area 5: Manage the lifecycle

Job to be done: "Make sure my team can improve agents over time, without chaos or heroics."

Unlike traditional applications that are shaped only by code, agent behavior is also shaped by 
prompts, memory, tools, and training context. These factors drift over time. Drift erodes reliability, 
inflates cost, and makes debugging near impossible. Without lifecycle controls, agents stop 
delivering value and start accumulating risk.

Strategy

Establish DevOps for agents (AgentOps) as a practice. Integrate CI/CD pipelines that are tailored 
for agents. Use these pipelines to test prompt outputs, validate tool integrations, and profile cost-
performance behavior. Maintain version histories of prompts, policies, and model interactions.

Use feedback loops from observability data to initiate retraining, prompt tuning, or agent 
retirement. Incorporate system-wide reflection mechanisms, such as an improvement register, to 
institutionalize learning.

Build a performance telemetry dashboard that shows decision accuracy, latency, cost, and 
reliability. To streamline and accelerate lifecycle management using AWS infrastructure, teams 
can use agent toolkits. One example is the Strands Agents SDK, which provides structured tooling 
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for prompt versioning, tool registration, and CI/CD integration with AWS services, such as AWS 
CodePipeline, AWS Cloud Development Kit (AWS CDK), and AWS Lambda. Additionally, use Amazon 
S3 and Amazon Elastic File System (Amazon EFS) for storing agent artifacts and training data. 
Use AWS Step Functions to automate complex retraining or validation workflows. You can use
Amazon SageMaker AI when agents require custom model tuning or fine-tuning workflows beyond 
LLM orchestration. Lifecycle discipline transforms agents from experiments into durable, evolving 
assets.

Over time, this lifecycle system forms the backbone of innovation. It helps you to recompose, 
retrain, and redeploy capabilities with agility. This transforms the agent layer into a living system, 
capable of evolving in response to both feedback and opportunity.

Business value of lifecycle management

Effective lifecycle management is a key driver of agent performance and cost efficiency. It makes 
sure that intelligent agents continue to deliver accurate, reliable, and value-aligned outcomes as 
they evolve. Agents don't remain valuable by default. They must evolve in sync with changing 
business requirements, workflows, and data environments. A disciplined AgentOps team helps 
agents remain accurate, efficient, and aligned with enterprise goals over time.

Key business drivers include the following:

• Performance consistency – Continuous testing, prompt validation, and retraining help agents 
maintain decision quality across changing conditions and datasets.

• Cost optimization – Telemetry-driven profiling identifies inefficient tools, high-token prompts, 
or unnecessary executions. Then, you can tune to reduce operational costs.

• Faster iteration – Lifecycle automation with CI/CD accelerates development cycles, helping 
teams to experiment, deploy, and improve agents with confidence.

• Risk reduction – Prompt versioning, rollback support, and structured evaluation mechanisms 
help prevent regressions and support safe, reliable change management.

Example use cases include the following:

• A customer support agent is monitored for latency, model cost, and user feedback. Observability 
reveals a cost spike, which prompts re-tuning of its embedded prompts and fallback model logic.

• A contract summarization agent is updated based on feedback from legal teams. Versioned 
prompts are tested in sandboxed environments before production release, supporting safety and 
quality.
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With structured lifecycle management, organizations move beyond reactive maintenance to 
proactive, continuous improvement. Agents become adaptive digital assets that are measured, 
refined, and revalidated against business goals. This practice transforms agent ecosystems into 
high-performing, cost-aware, and resilient systems that deliver durable value while keeping pace 
with change.

Focus area 6: Align agent models with business models

Job to be done: "Show me the impact, so that I can justify continued investment."

Even technically capable agents become liabilities if they aren't tied to business outcomes. Agents 
must serve either efficiency, monetization, or strategic differentiation. Yet most businesses struggle 
to define how agents fit into pricing, packaging, or usage models. Without clear alignment to 
business value, it's hard to justify scaling or even maintaining the investment.

Strategy

Adopt product management practices. Treat agents as monetizable services with a measurable 
ROI. Define pricing strategies based on decisions, sessions, or outcomes. Then, package agent 
capabilities into tiered offerings that are aligned with customer segments or internal business 
units.

To promote sustainability, organizations must capture both direct value and growth multipliers 
through agent deployment. Consider using the following ROI metrics to measure immediate value:

• Cost per decision – Benchmark agent processing costs against human equivalents.

• Time compression – Quantify the value of accelerated cycles, such as faster sales or approvals.

• Error reduction – Measure savings from improved accuracy, consistency, and compliance.

Beyond these immediate gains, agents can unlock the following long-term growth opportunities:

• Capability stacking – Combine agent services to create domain-specific vertical solutions.

• Network effects – Increase value through multi-agent ecosystems where coordination 
compounds utility.

• Market extension – Generate new revenue streams through externally consumable, agent-
enabled services.
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Create feedback loops from business metrics (such as cost savings, conversion lift, or time-to-
resolution) to drive continuous agent evolution. Analyze usage telemetry and user satisfaction 
scores to refine your value alignment and roadmap priorities. By linking agent capabilities directly 
to business models, organizations position themselves to capture sustainable, compoundable value
—not just technical outcomes.

The following AWS services support this alignment by providing robust tracking and monetization 
frameworks:

• AWS Cost Explorer and Amazon CloudWatch deliver insight into per-agent costs and operational 
efficiency.

• Amazon API Gateway enables metered access, rate-limiting, and tiered pricing for agent 
endpoints.

• AWS Marketplace provides a channel for publishing agents and agentic solutions as commercial 
products.

These services help you to transform agent functionality into scalable, value-driven digital 
offerings that align with enterprise growth and monetization strategies.
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Evolving software delivery for agentic AI

Modern software delivery has been shaped by a simple assumption—that you control the systems 
you ship. You define requirements, write logic, test against expected outcomes, and deploy 
predictable services. Even Agile and DevOps approaches still rely on the principle that each sprint 
delivers something deterministic, verifiable, and largely within human oversight. 

Agentic AI upends that foundation. Agentic systems interpret, reason, and adapt rather than follow 
scripts. Their behavior depends on the code you write, the context they operate in, the inputs 
they're given, the tools they can access, and the goals they're assigned. In short, they don't follow 
orders; they pursue outcomes. 

This makes delivery less about control and more about alignment. Rather than providing 
instructions, you must shape how it behaves. This means that the traditional software development 
lifecycle (SDLC) no longer fits because it was designed for logic-based, human-controlled systems. 

This section contains the following topics:

• Zones of intent for agentic AI

• Evolving the delivery lifecycle for agentic AI

• Preparing teams for agentic AI

Zones of intent for agentic AI

Instead of rigid stages, such as define, build, test, and release, we need a model that embraces 
autonomy, uncertainty, and emergence. Instead, you use zones of intent. A zone of intent defines 
a bounded space where an agent can operate with autonomy, within constraints. The goal is to 
shift from micromanaging every task to designing environments where agents can act, learn, 
and collaborate safely. You specify the what (the desired outcome), the why (the intent), and 
the guardrails (the constraints, policies, and trust boundaries). Given those boundaries and this 
information, the agent figures out the how. 

Instead of an assembly line, think of the environment as an airspace. You control who can enter, 
what they can do, and where they can go. But once inside, they're free to navigate as needed. 
That's how agentic systems scale without chaos. 

This isn't just a philosophical shift; it's a practical one. The non-deterministic output of agent-based 
systems can't be fully tested through unit tests. It can't be versioned like static binaries. Agents 
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change over time, adapt to new data, and interact with other systems in unpredictable ways. Trying 
to deliver them using traditional models leads to fragile, unscalable architectures. At worst, it leads 
to false confidence in systems that you can't actually govern. 

When teams embrace intent-based delivery, they gain two advantages: 

• Control where it matters most – They define boundaries instead of outputs. 

• Scalability through delegation – They enable agents to handle complexity humans can't 
hardcode. 

This is how you move from isolated prototypes to real, production-grade agentic systems that can 
repeatedly and reliably deliver value. 

Evolving the delivery lifecycle for agentic AI

To support intelligent, adaptive behavior, the SDLC must be reframed from deterministic control to 
adaptive intent. The following are the changes necessary to evolve the traditional SDLC for agentic 
AI: 

• Planning becomes intent design. Teams define goals, constraints, and expected agent behaviors. 
Policies and success criteria are framed in terms of alignment, not logic. 

• Architecture becomes scaffolding. Teams focus on defining roles, interfaces, guardrails, fallback 
mechanisms, and observability rather than scripting every decision path. 

• Testing becomes behavioral evaluation. Rather than asserting specific outputs, teams validate 
whether agents stay within acceptable bounds and fulfill intent under varied inputs. 

• Deployment becomes continuous orchestration. Agentic systems are deployed with runtime 
controls, live monitoring, and feedback channels that enable real-time tuning. 

• Iteration becomes feedback and adaptation. Instead of traditional code-change patch cycles, 
teams observe how agents evolve, where they succeed, or when they drift. As necessary, 
teams intervene through updated constraints, retraining, and adding or modifying control 
mechanisms. 

Existing practices that focus on iteration, experimentation, and rapid feedback are halfway there. 
The shift to agentic systems isn't a rejection of Agile principles. In fact, it's a natural evolution of 
them. Agile thinking emphasizes adaptability, feedback, and working solutions over rigid plans. 
That aligns perfectly with the nature of agentic systems, which learn, adapt, and respond to 
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context in real time. If you're already running short cycles, validating assumptions quickly, and 
managing uncertainty through continuous delivery, you're well equipped to lead this transition. 

But there are key differences. The traditional Agile approach assumes that the thing being 
delivered is deterministic. It assumes that, once built, the thing will behave consistently and 
predictably, with repeatable outcomes for the same inputs. This repeatability helps you debug, 
test, and iterate with confidence. Agentic systems break that model. They're probabilistic, context-
sensitive, and capable of evolving independently. That means some Agile practices become 
less useful, such as velocity tracking based on story completion, strict acceptance criteria, or 
deterministic sprint planning. 

The following aspects of the traditional SDLC apply to agentic AI:

• Iterative development and delivery 

• Customer feedback as a primary signal 

• Cross-functional collaboration 

• Continuous integration and deployment 

The following aspects of the traditional SDLC must evolve for agentic AI:

• Redefine done as aligned to intent. Focus on whether the agent's behavior satisfies its intended 
goal within the defined constraints.

• Shift from acceptance criteria to behavioral guardrails. 

• Expand the definition of done to include runtime readiness, which includes observability, 
explainability, and feedback mechanisms that support continuous learning and trust.

• Prioritize real-time feedback loops and behavior tracking over upfront planning 

The good news is you don't need to throw out the SDLC playbook. You just need to evolve it from 
managing code to shaping conduct. In agentic systems, success isn't just about whether software 
runs, but how it behaves.

Preparing teams for agentic AI

Software engineering isn't going away. It's evolving. The job shifts from writing functions to 
shaping frameworks and control mechanisms for intelligent behavior. In the world of agentic AI, 
building is no longer the hard part—managing emergence is. For most engineering teams, the 
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evolution feels like a mindset shift rather than a technical leap. Instead of asking "What will the 
system do?" the question becomes "What have we empowered it to pursue, and how will we know 
if it's staying on course?"

For engineering teams, the evolution toward agent AI requires the following changes: 

• A cultural shift – Teams must become comfortable with uncertainty and autonomy in systems 
they don't fully control. 

• New roles – Intent designers, behavioral testers, and observability engineers become core to 
delivery. 

• Shared language – Teams need a clear, shared understanding of goals, guardrails, and success 
signals, just like how they once needed specs and test cases. 

As generative AI matures, we'll see more agentic systems interacting with customers, products, 
and operations. The organizations that succeed won't be the ones with the best models. It will 
be the ones that can integrate agents into real-world workflows with confidence, control, and 
velocity. That means that the delivery models and engineering teams must evolve together. Zones 
of intent give you the abstraction to do that. They help you operationalize autonomy without 
surrendering accountability. They also offer a shared framework across teams to help govern 
systems that can't be hard-coded. 

For more information about preparing teams for agentic AI, see the Preparing the business for 
agentic AI at scale section of this guide.
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Preparing the business for agentic AI at scale

As the focus areas described in this guide converge, agentic AI shifts from isolated functions 
into a unified intelligence layer that can be understood as a capability platform. This platform 
doesn't just execute tasks. It evolves, adapts, and coordinates across domains. Agents become 
modular, reusable, and discoverable services that accelerate innovation, reduce cognitive load, and 
drive measurable outcomes across the enterprise. This platform view sets the stage for scalable 
intelligence embedded throughout the operating model.

Operationalizing agentic AI requires more than deploying intelligent agents. It demands a 
fundamental transformation in how the business organizes teams, designs processes, and governs 
technology. Just as the shift to cloud or DevOps redefined operating models, agentic AI introduces 
a new era of decision automation, continuous learning, and autonomous coordination. Success 
depends on aligning the systems, the people, and the processes around this new operating 
philosophy.

This section contains the following topics:

• Aligning teams and ownership models

• Managing change and organizational readiness

• Architecting for interoperability and collaboration

• Building governance into an agentic fabric

• Adopting a decision-first operating mindset

• Scaling with purpose and intent

Aligning teams and ownership models

The first step toward maturity is cross-functional alignment. Businesses must establish AgentOps 
teams that include AI/ML practitioners and domain specialists, such distributed systems architects, 
software engineers, product owners, compliance leads, and platform architects. These teams jointly 
own the entire lifecycle of an agent, from design and deployment to retraining and monitoring.

Agent provisioning and release should follow cloud-native practices, such as using the AWS Cloud 
Development Kit (AWS CDK) and AWS CodePipeline for infrastructure as code and automated 
deployment. This structure fosters shared accountability and accelerates iteration. Just as DevOps 
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unifies development and operations, AgentOps connects intelligence with governance and 
execution.

To be effective, these teams also need a shared language. Business stakeholders must understand
what agents are, how they operate, and what outcomes they drive. Training and internal 
enablement are essential. By demystifying agents and embedding this mental model into everyday 
conversations, organizations unlock broader participation and more aligned innovation.

To accelerate the development and integration of agents using AWS services, teams can 
adopt frameworks like Strands Agents SDK, which offers CLI-based tooling for scaffolding, 
configuring, and packaging agents. Strands Agents is designed to work seamlessly with AWS 
infrastructure, such as Amazon Bedrock, AWS Lambda, Amazon EventBridge, the AWS CDK, and 
AWS CodePipeline. It enables rapid prototyping and deployment while maintaining production-
grade standards.

But structure and tooling alone are not enough. Scaling agentic AI requires deliberate cultural, 
educational, and leadership readiness to make sure that adoption takes root across the 
organization.

Managing change and organizational readiness

Successfully scaling agentic AI requires more than deploying infrastructure or intelligent agents. 
It demands a structured approach to organizational change. This includes cultural readiness, skills 
development, metric-driven feedback loops, and executive alignment to make sure that adoption is 
both intentional and sustainable.

Foster cultural evolution

• Position agents as teammates, not replacements, to reduce resistance and build trust.

• Communicate transparently about agent capabilities and limitations to set realistic expectations.

• Establish clear handoff protocols for when agents should escalate decisions to a higher authority 
or delegate parts of the process to a human collaborator.

Establish a skills development framework

• Deliver role-based training tailored to engineers, product managers, domain leads, and 
compliance officers.
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• Create centers of excellence to share best practices, tooling patterns, and reusable assets.

• Pair AI specialists with domain experts through mentorship programs to bridge knowledge gaps.

Define metrics and feedback loops

• Anchor technical and business KPIs to strategic value to assess impact. Examples of value include 
decision latency, resolution accuracy, and cost savings.

• Systematically and continuously capture user feedback to surface friction points and adoption 
challenges.

• Conduct regular retrospectives to evaluate agent performance, usage trends, and improvement 
opportunities.

Align leadership from the top

• Obtain executive sponsorship by linking agent initiatives to strategic outcomes and ROI.

• Form cross-functional governance committees that include both technical and business 
leadership.

• Tailor communication strategies for clarity and engagement across all organizational levels.

This systematic approach to change management makes sure that technology implementation 
is matched by organizational maturity. It creates a foundation for trust, adoption, and long-term 
business value.

Architecting for interoperability and collaboration

Isolated agent deployments deliver local wins. But enterprise value emerges when agents can 
discover, invoke, and collaborate with one another dynamically. This means defining standards for 
agent registration, authentication, and capability exchange. Architecturally, this mirrors the shift 
from monoliths to microservices, which are composable, reusable, and loosely coupled units that 
solve complex problems together.

Emerging protocols, such as A2A and MCP, are foundational. The enable semantic interoperability 
across agents, tools, and memory systems. A2A supports peer-level interaction, which allows 
agents to negotiate task ownership, share context, and coordinate workflows. MCP complements 
this by offering shared schemas for exchanging contextual data between agents and their 
environments. It standardizes how functions are invoked, APIs are accessed, and states are 
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maintained. Together, these protocols promote extensibility, consistency, and long-term 
maintainability across the agent ecosystem.

Governance remains critical. Control layers, such as arbiter agents, enable policy-aware delegation 
without introducing centralized bottlenecks. These agents act as trust brokers. They enforce 
boundaries while letting other agents self-organize. Agent collaboration helps organizations to 
scale their agentic AI ecosystems with both agility and trust.

Building governance into an agentic fabric

With greater autonomy comes greater risk. Governance must be embedded into the agent 
architecture from the first day. This includes defining policy boundaries that scope what agents 
are allowed to do, enforcing identity models that determine who they act on behalf of, and 
implementing explainability and traceability. Observability systems must capture telemetry on 
agent behavior by using services such as Amazon CloudWatch and AWS X-Ray, which provide 
centralized logging and distributed tracing across agent workflows. Reflective agents can 
continuously audit and assess performance based on these telemetry feeds.

Governance must also evolve as the agent ecosystem matures. As agents become more capable 
and more autonomous, oversight mechanisms must become more adaptive. Policy updates, 
capability gating, and runtime behavioral constraints need to be dynamic and enforceable at 
scale. Trust isn't a bolt-on feature. It is continuously reinforced through architecture, behavior, 
and process. AWS Identity and Access Management (IAM) and AWS AppConfig play a critical role 
in enforcing secure identities, runtime permission boundaries, and environment-specific behavior 
toggles across agents.

Adopting a decision-first operating mindset

Traditional automation focuses on process efficiency, which is running predefined scripts or 
workflows faster and more reliably. Agentic AI, by contrast, introduces decision-first automation. 
Agents assess context, weigh options, and adapt behavior in real-time. This shift from an 
execution-first to decision-first mindset requires new thinking about success metrics and outcomes. 
Instead of measuring success exclusively by task completion, success for agentic AI is measured by 
how well the decision aligned with the intent, policies, and evolving conditions.

Rather than measuring only task completion or cycle time, organizations must evaluate decision 
quality, time-to-action, and responsiveness to change. KPIs should include metrics such as:
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• Decision quality – How well did the agent personalize its response to the specific user or 
scenario? Did it make nuanced decisions that are aligned with business objectives and user 
context?

• Time-to-action – How quickly and intelligently did the agent assess a situation and respond? 
Was the latency low enough to feel adaptive and human-like?

• Cognitive offload – How much manual analysis, triage, or routine decision-making was the agent 
able to handle on behalf of a human? Did it reduce effort or just shift it?

Businesses that embrace the decision-first mindset can become more resilient, adaptive, and 
capable of operating at a new level of complexity.

Scaling with purpose and intent

Successfully scaling agentic AI is not about experimenting with more tools. It's about building 
a durable layer of enterprise intelligence. This requires investments in platform infrastructure, 
operational culture, governance frameworks, and strategic alignment. Businesses must adopt an 
intentional approach. They must treat agents not as experiments but as core components of their 
digital operating model.

Aligning with the AWS Well-Architected Framework helps your systems meet enterprise standards 
for reliability, security, performance efficiency, and cost optimization. Tools such as the Strands 
Agents SDK can accelerate this journey by providing structured prompts, tool registration, and CI/
CD readiness. This helps teams shift from experimentation to scalable delivery by using familiar 
AWS workflows.

Agentic AI isn't a tool; it's a shift in how intelligence is embedded into operations. Organizations 
that prepare accordingly can automate more, operate smarter, adapt faster, and create lasting 
advantage in an increasingly complex world.
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Conclusion for operationalizing agentic AI

Agentic AI represents more than a technological shift. It marks the emergence of a new operating 
system for the enterprise. Organizations that embrace this transformation move beyond narrow 
automation use cases and build intelligence into the foundation of their operations. This shift is 
about redesigning how decisions are made, how systems adapt, and how outcomes are realized at 
scale.

In an era defined by growing complexity, real-time demand, and information overload, the 
traditional model of scripted automation has reached its limits. Success now hinges on the ability 
to embed intelligence directly into workflows in order to make systems that perceive, reason, act 
and evolve. Agentic AI can align autonomy with purpose, decision-making with governance, and 
adaptability with accountability.

This transition requires a move from execution-first to decision-first thinking. Agentic systems do 
not simply follow instructions. They interpret goals, weigh trade-offs, and pursue outcomes within 
defined constraints. In this context, success is measured not just by task completion. It is also 
measured by the quality, agility, and explainability of decisions made in real time. Organizations 
must rethink metrics, incentives, and system design to support agents that operate intelligently 
under uncertainty.

Operationalizing agentic AI is not a plug-and-play upgrade. It is an architectural and cultural 
transformation. It requires disciplined practices across lifecycle management, trust enforcement, 
interoperability, and alignment to business models. It also calls for the evolution of delivery 
models, such as shaping zones of intent, embedding runtime guardrails, and continuously aligning 
agent behavior with strategic outcomes. Teams must adopt shared language, shared ownership, 
and shared accountability for agent performance and safety.

Enterprise readiness can determine who thrives in this new environment. Organizations must invest 
in internal enablement, AgentOps capabilities, and governance frameworks that scale and create 
long-term value. Those who succeed can build smarter systems, and they can also build more 
adaptive, resilient, and insight-driven businesses.

This strategy document lays the foundation. It connects strategy to execution and prepares 
organizations to build scalable platforms of intelligent agents. The broader content series about 
agentic AI on AWS provides complementary guidance. To view the other guides in this series, 
see Agentic AI on the AWS Prescriptive Guidance website. This content series offers a roadmap to 
operationalize autonomy with discipline and intent.
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To get started, identify a high-impact decision space where agents can deliver measurable 
improvements in speed, accuracy, or responsiveness. Then deploy a focused pilot agent that 
has instrumentation, governance, and feedback loops. Use this to validate the value hypothesis, 
generate internal momentum, and build trust in the approach. Momentum compounds through 
learning.

Agentic AI is not a destination; it is a capability layer that evolves alongside your business. It 
represents a long-term shift toward intelligence as infrastructure. Organizations that lead in this 
space can automate more, respond faster, adapt better, and build operational models that are 
capable of navigating complexity at an enterprise scale.

28



AWS Prescriptive Guidance Operationalizing agentic AI on AWS

Resources for operationalizing agentic AI

AWS services

The following AWS services and features can help you build and operationalize agentic AI systems 
in the AWS Cloud:

• Amazon API Gateway can expose agent capabilities as scalable and offers usage-based pricing.

• AWS AppConfig offers runtime configuration management and feature toggling for agents 
across tenants or environments.

• Amazon Bedrock is a foundation model service that agents can use for reasoning, generation, 
and prompt execution.

• AWS Cloud Development Kit (AWS CDK) is an infrastructure as code service that you can use to 
deploy and manage agent stacks.

• AWS CloudTrail records event history so that you can track agent activity, audit trails, and 
integration behaviors.

• Amazon CloudWatch can manage logs, metrics, and alarms for monitoring agent performance 
and multi-agent collaboration behavior.

• AWS CodePipeline provides CI/CD automation that you can use to test, validate, and deploy 
agent code.

• Amazon Cognito is an identity service that you can use to manage user and tenant 
authentication in multi-agent systems.

• AWS Config offers compliance and drift detection for agent policy and environment 
configuration.

• AWS Cost Explorer can track agent-level usage and help align costs to maximize your ROI.

• Amazon DynamoDB is a storage service that you can use for agent memory, improvement logs, 
and contextual state.

• Amazon Elastic File System (Amazon EFS) is a shared file system that you can use for agent 
collaboration or intermediate processing across workflows.

• Amazon EventBridge is a core event bus that you can use to route tasks and orchestrate 
communication in the agent fabric.

• Amazon EventBridge Pipes can streamline event ingestion and routing for connecting agents and 
services.
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https://docs.aws.amazon.com/efs/latest/ug/whatisefs.html
https://docs.aws.amazon.com/eventbridge/latest/userguide/eb-what-is.html
https://docs.aws.amazon.com/eventbridge/latest/userguide/eb-pipes.html
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• Amazon GuardDuty offers threat detection and anomaly monitoring that can support safe agent 
execution.

• AWS Identity and Access Management (IAM) helps you define fine-grained permissions for agent 
execution and data access.

• AWS Lambda is a stateless compute service that can run agent logic and swarm drones.

• AWS Marketplace is an external distribution platform that you can use to offer agent capabilities 
as commercial products.

• AWS Organizations is a cross-account governance and policy enforcement service that can help 
you manage multi-tenant agent infrastructure.

• AWS Organizations service control policies act as guardrails for controlling permissions at the 
account or organizational unit level.

• Amazon Quick is a generative AI-powered business intelligence (BI) platform that helps you 
analyze data, create visualizations, automate workflows, and collaborate with others across your 
organization.

• AWS Resource Access Manager (AWS RAM) can help you share capabilities between accounts and 
agent services.

• Amazon SageMaker AI is a service that you can use for model training, fine-tuning, and inference 
beyond foundational models.

• Amazon Simple Storage Service (Amazon S3) offers object storage for prompt libraries, model 
artifacts, and agent-generated data.

• AWS Step Functions is a workflow engine that can help you coordinate multi-agent flows and 
retraining pipelines.

• AWS X-Ray offers distributed tracing that you can use to track agent decision flows and service 
dependencies.

Other AWS resources

• Foundations of agentic AI on AWS

• Agentic AI patterns and workflows on AWS

• Agentic AI frameworks, protocols, and tools on AWS

• Building serverless architectures for agentic AI on AWS

• Building multi-tenant architectures for agentic AI on AWS
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https://docs.aws.amazon.com/guardduty/latest/ug/what-is-guardduty.html
https://docs.aws.amazon.com/IAM/latest/UserGuide/introduction.html
https://docs.aws.amazon.com/lambda/latest/dg/welcome.html
https://docs.aws.amazon.com/marketplace/latest/userguide/what-is-marketplace.html
https://docs.aws.amazon.com/organizations/latest/userguide/orgs_introduction.html
https://docs.aws.amazon.com/organizations/latest/userguide/orgs_manage_policies_scps.html
https://docs.aws.amazon.com/quicksuite/latest/userguide/what-is.html
https://docs.aws.amazon.com/ram/latest/userguide/what-is.html
https://docs.aws.amazon.com/sagemaker/latest/dg/whatis.html
https://docs.aws.amazon.com/AmazonS3/latest/userguide/Welcome.html
https://docs.aws.amazon.com/step-functions/latest/dg/welcome.html
https://docs.aws.amazon.com/xray/latest/devguide/aws-xray.html
https://docs.aws.amazon.com/prescriptive-guidance/latest/agentic-ai-foundations/
https://docs.aws.amazon.com/prescriptive-guidance/latest/agentic-ai-patterns/
https://docs.aws.amazon.com/prescriptive-guidance/latest/agentic-ai-frameworks/resources.html
https://docs.aws.amazon.com/prescriptive-guidance/latest/agentic-ai-serverless/
https://docs.aws.amazon.com/prescriptive-guidance/latest/agentic-ai-multitenant/
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